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Abstract: Generative Artificial Intelligence (GenAl) is quickly evolving as disruptive technology able to generate
text, images, code, summaries, recommendations and other kinds of content. While classical artificial intelligence

technologies were mainly used for predictive purposes, GenAl technology allows employees to interact with
artificial intelligence using natural language and embed Al into knowledge-intensive tasks. Such technology
implies certain consequences regarding productivity, employee learning, creativity, human resources management
and organizational performance. But access to GenAl does not mean automatic creation of value by organizations.
Results achieved from GenAl use depend on capabilities of employees, nature of tasks, organizational
preparedness, control of human over processes and responsible governance. In this conceptual paper, a Human—
Generative Al Collaboration Capability (H-GAICC) framework is developed to explore ways of translating
GenAl capabilities into employee and organizational outcomes. Using Resource-Based View, Socio-technical
Systems Theory, Automation-Augmentation Approach, Job Demands—Resources Theory and Dynamic
Capabilities Theory, the paper argues that GenAl capability, Al literacy of employees and organizational
preparedness determine quality of human-Al collaboration. Collaboration effectiveness has an impact on
productivity, creativity, learning, and employee experience and therefore can have a bearing on organizational
performance. Trust, responsible Al governance, task complexity, and human supervision are put forward as
moderating factors. Twelve propositions are formulated for the purpose of guiding further empirical work. This
paper makes a contribution to the growing GenAl literature by directing the focus away from mere Al adoption
to its organizational configuration with humans.

Keywords: Generative artificial intelligence; human—Al collaboration; Al literacy; employee experience;
productivity; organizational performance; responsible Al; human resource management

Introduction
From specialized analytical tools to increasingly general-purpose applications, artificial intelligence has evolved.
Previous Al was largely used in prediction, classification, recommendations, and automation. The generative
artificial intelligence is a step further, since it can produce something new according to natural-language prompts.
Large language models can generate documents, summarization, software code, ideation, and facilitate
communication. There are major organizational implications from this development. Staff will be able to engage
with GenAl without any programming knowledge. As a result, GenAl will not only become important for
technology-oriented companies but also for human resources management, education, finance, marketing,
consulting, and public administration. Empirical research proves there are productivity gains from GenAl.
According to Noy and Zhang (2023), ChatGPT significantly decreased the time needed to perform professional
writing tasks and improved the quality of their results on average. Brynjolfsson et al. (2025) using data of more
than 5,000 customer support representatives have discovered productivity gains in staff who used an Al assistant.
However, technological capability does not necessarily lead to organizational effectiveness. Al tools may
provide erroneous information, reproduce biases, pose privacy concerns and foster overreliance on technology.
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Dell' Acqua et al. (2026) show that the capabilities of generative Al vary from one task to another, implying that
proper implementation would involve knowledge about what Al is good at and what requires human skills. The
body of literature on Al in human resource management stresses that implementation cannot be done solely by
acquiring new technology. Tambe et al. (2019), Chowdhury et al. (2023), Malik et al. (2023), and Prikshat et al.
(2023) all underline the necessity of organization capability, skillset of employees, governance, and interaction
between human and Al Despite this expanding body of literature, the research remains fragmented. Productivity
studies concentrate on task-level outcomes, HRM studies deal with particular applications in organization, and
responsible Al research centers on risks and governance. There is a need for comprehensive theoretical
explanation of how technological capability turns into organizational and employee value.

This research paper will fill this gap by addressing the following research question:

e How can organizations transform GenAl capability into sustainable organizational and employee outcome
by means of human-Al interaction?

The paper proposes that GenAl should not be treated simply as an independent variable influencing performance.
Rather, organizational value emerges through a process:

GenAl capability — Human-AlI collaboration — Employee/task outcomes — Organizational outcomes.
Generative Al and the Future of Work

In contrast to traditional automation, generative Al has the ability to take part in cognitive and knowledge-based
processes. Autor (2015) says that technological advancement needs to be studied based on task-level and not
occupational level. An occupation normally contains multiple tasks, and technology may substitute for some while
complementing others.

This logic is particularly relevant to GenAl. A human resource manager may use GenAl to draft a job
description, summarize employee feedback or prepare training content while retaining responsibility for
evaluation and decision-making.

Therefore, three categories of work can be distinguished:

1. Tasks suitable for automation
2. Tasks suitable for human—Al augmentation
3. Tasks requiring predominantly human judgment

The appropriate balance depends on task complexity, ambiguity, sensitivity and consequences.

Raisch and Krakowski (2021) describe this as the automation—augmentation paradox. Al may simultaneously
substitute for some human activities and complement others. The organizational challenge is therefore not to
choose between "humans" and "AI" but to determine how their respective capabilities should be combined.

Generative Al and Human Resource Management: HRM is particularly relevant to GenAl because HR
activities contain both routine information-processing tasks and high-context human decisions.

Potential applications include:
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Recruitment: GenAl can support job descriptions, recruitment communication, interview questions and
candidate information summaries. However, high-stakes selection decisions require human oversight because
algorithmic systems may reproduce historical bias.

Training and development: GenAl can generate personalized learning content, simulations, case studies and
feedback. It can therefore support individualized learning at scale.

Performance management: Managers can use GenAl to organize performance information and prepare
feedback drafts. Nevertheless, contextual and interpersonal judgments should remain human responsibilities.

Employee services: Al assistants can provide rapid responses to routine HR queries, improving accessibility and
reducing administrative workload.

HR analytics: Natural-language interfaces can make analytics more accessible to managers.

However, generated interpretations require verification because fluent Al responses can contain factual or
analytical errors.

Existing research supports the view that AI-HRM implementation is fundamentally socio-technical. Chowdhury
et al. (2023) conceptualize Al capability as involving technological and human resources, while Malik et al.
(2023) propose an extended strategic framework for Al-assisted HRM. Prikshat et al. (2023) similarly emphasize
the organizational assimilation of Al rather than simple technological adoption.

GenAl expands these issues because employees themselves can become direct users of Al systems.
Theoretical Foundations

Resource-Based View: The Resource-Based View suggests that organizations achieve competitive advantage by
developing valuable and difficult-to-imitate resources.

Mikalef and Gupta (2021) conceptualize Al capability as involving technological resources, human skills and
organizational resources.

Access to the same GenAl model may therefore produce different outcomes across organizations. Competitive
advantage may arise from the ability to combine:

Al technology + employee skills + organizational knowledge + data + governance.
Thus, GenAl itself may be less strategically valuable than the organizational capability to deploy it effectively.

Socio-Technical Systems Theory: Socio-technical Theory places emphasis on the joint optimization of both
social and technical systems. According to Makarius et al. (2020), organizations should look at the relationship
between people and Al systems instead of seeing Al as a standalone technology. This implies that the application
of GenAl is characterized by change in the workflow, jobs, and decision structures.

Automation—Augmentation Perspective: Raisch & Krakowski (2021) point out that organizations need to find
a balance between automation and augmentation.

GenAl augmentation may turn out to be especially significant for knowledge work as human employees
participate in it:
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e Contextual understanding;
e Ethical reasoning;

e Interpersonal judgment;

e Organizational knowledge;
e Accountability.

Job Demands—Resources Theory: The JD-R perspective suggests that GenAl may simultaneously operate as a
job resource and a job demand.

It can reduce:

e Repetitive work;
e Information-search burden;
e Documentation workload.

But it may also increase:

e Technological learning requirements;
e Qutput-verification demands;

e Performance expectations;

e Technological uncertainty.

Therefore, employee outcomes depend on how GenAl is introduced and managed.

Proposed Human—Generative Al Collaboration Capability Framework: The central contribution of this
paper is the Human—Generative Al Collaboration Capability (H-GAICC) framework.

The model proposes three antecedents:
1. GenAlI capability 2. Employee Al literacy 3. Organizational readiness
These influence:
4. Human—GenAl collaboration quality
Which produces:
5. Task and employee outcomes
And ultimately:
6. Organizational outcomes
The relationships are conditioned by:
a. Trust; b. Responsible Ai Governance; c¢. Task Complexity; d. Human Oversight.

Figure 1. Proposed Conceptual Framework

Figure 1. Proposed Conceptual Framework
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Employee AI Literacy » Human—-GenATl
Collaboration
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Task & Employee Outcomes

* Productivity

* Learning

* Creativity

* Employee Experience

v
Organizational Outcomes
e Innovation
e Productivity
* Adaptability
* Performance

Boundary Conditions:
Trust | Responsible AI Governance |
Task Complexity | Human Oversight

Core Constructs

GenAl Capability: GenAl capability refers to the organization's ability to acquire, integrate, deploy and govern
generative Al

It includes:

e Technological infrastructure;
e Data readiness;

e System integration;

e Technical expertise;

e (Governance;

e Organizational learning.

Employee AI Literacy: Al literacy involves more than prompt-writing ability.
It includes:

e Understanding Al capabilities;

e Recognizing Al limitations;

e Prompt and interaction competence;
o Evaluating outputs;

o Ethical awareness;

e Domain-specific application.

An employee who can generate an Al response but cannot determine whether it is accurate has limited practical
Al literacy.

Organizational Readiness: Organizational readiness includes:

e Leadership support;
¢ Digital culture;
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e Employee preparedness;
¢ Financial and technological resources;
e (Change-management capability.

Technology implementation is unlikely to produce sustainable value when employees and organizational systems
are unprepared.

Human—GenAlI Collaboration Quality: Human—AlI collaboration quality is the central mediating construct.
It includes:

Task allocation: Determining which activities should be performed by humans and Al.

Interaction: Providing appropriate context and instructions.

Verification: Checking Al outputs before implementation.

Complementarity: Combining Al's information-processing capabilities with human judgment.

Learning: Improving work practices through repeated human—AlI interaction.

The framework therefore argues that Al use frequency is less important than Al collaboration quality.
Propositions

P1: GenAl capability is positively associated with GenAl-enabled work integration.

Organizations possessing stronger technological and governance capabilities are expected to integrate GenAl
more effectively.

P2: Employee Al literacy is positively associated with human—GenAl collaboration quality.

Employees with stronger Al literacy should be better able to allocate tasks, formulate instructions and verify
outputs.

P3: Organizational readiness positively moderates the relationship between GenAl capability and human—GenAl
collaboration quality.

P4: Human—GenALl collaboration quality is positively associated with task productivity.
P5: Human—GenALl collaboration quality is positively associated with employee learning.
P6: Human—GenAl collaboration quality is positively associated with employee creativity.

P7: Human—GenAl collaboration quality is positively associated with employee experience when GenAl reduces
unnecessary cognitive and administrative workload.

P8: Human—GenAl collaboration quality mediates the relationship between GenAl capability and employee
productivity.

P9: Employee Al literacy mediates the relationship between GenAl exposure and employee performance.
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P10: Responsible Al governance positively moderates the relationship between human—GenAl collaboration and
organizational outcomes.

P11: Task complexity moderates the relationship between human—GenAl collaboration quality and productivity.

P12: Human oversight is positively associated with the quality of outcomes produced by GenAl in high-stakes
organizational decisions.

GenAl, Productivity and Employee Experience: Recent empirical evidence provides support for the
productivity potential of GenAlL

Noy and Zhang (2023) found substantial productivity effects in professional writing tasks. Brynjolfsson et al.
(2025) found productivity improvements among customer-support workers using generative Al.

However, productivity should not be treated as synonymous with organizational value.

Suppose GenAl reduces the time required to produce a report by 40 percent. If the report contains inaccurate
information requiring substantial correction, the actual productivity gain may be much smaller.

Consequently, organizations should measure:

e Completion time;

e OQOutput quality;

e Error rates;

e Employee learning;

o (Customer outcomes;
e Employee experience.

The employee dimension is particularly important.

GenAl can reduce routine work, but organizations may respond by increasing performance expectations.
Employees may consequently experience both greater efficiency and greater pressure.

Therefore, the relationship between GenAl and employee well-being should not be assumed to be universally
positive or negative.

Creativity and Innovation:

e GenAl can influence creativity by rapidly producing alternative ideas, structures, examples and
perspectives.

e Haefner et al. (2021) argue that Al can influence innovation management by extending organizational
information-processing capabilities.

e Mariani and Dwivedi (2024) similarly identify GenAl as an important emerging domain for innovation
research.

e However, excessive reliance on similar Al systems may also result in convergence of ideas.

Therefore, a useful organizational principle is:

Al for idea expansion; humans for contextual evaluation.
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Gen-Al May generate many possibilities, while human experts evaluate:

e Originality;

e Strategic relevance;

e Ethical implications;

e Feasibility;

e Contextual appropriateness.

Responsible AI Governance: Responsible governance is essential because GenAl can produce:

e Biased outputs;

e Inaccurate information;

e Privacy risks;

e Intellectual-property concerns;

e Inappropriate recommendations.

Governance should therefore include:

Transparency;
Accountability;
Privacy;

Security;
Fairness;

Human oversight;
Auditability.

Nk wh -

An important concept is calibrated trust. Employees should neither blindly trust nor automatically reject AL
They should learn: when to rely on AI, when to verify Al and when not to use Al This is especially important
in HRM, where decisions can affect employment, careers and employee rights.

Managerial Implications:

The framework provides several practical implications.

First, organizations should redesign tasks rather than eliminate jobs automatically.

Managers should identify which activities are suitable for automation, augmentation and human judgment.
Second, Al literacy should become a formal organizational capability.

Training should cover prompting, verification, bias, privacy, hallucination and responsible use.

Third, HR should become a designer of human—Al work systems.

HR professionals can contribute to:

e Job redesign;
e Reskilling;
e Aicompetency frameworks;
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e Employee communication;
e Ai governance;
e Performance-management redesign.

Fourth, AI governance should be risk-based: Routine drafting may require limited oversight, whereas
recruitment, disciplinary and employment decisions require significantly stronger human involvement.

Fifth, organizations should measure employee outcomes alongside productivity: GenAl implementation
should be evaluated through:

Productivity + Quality + Learning + Innovation + Employee Experience.

Future Research Agenda: Future empirical research can examine the proposed framework through several
approaches.

Individual-level studies: Researchers can investigate:

o Al literacy;
e Trust;
o Al anxiety;
e Cognitive offloading;
e Creativity;
o Employee engagement.
Team-level studies: Research can examine:

e Al-supported teamwork;
o Knowledge sharing;
e Team creativity;
e Coordination.
Organizational studies: Research can investigate:

e GenAl capability;

e Organizational Readiness;
e (Oovernance;

e Organizational Innovation;
e Performance.

Longitudinal studies: Longitudinal designs can determine whether initial productivity gains persist and whether
employees develop new capabilities over time.

Experimental research: Researchers can manipulate Al availability, Al literacy, human oversight and task
complexity to establish causal effects.

Cross-cultural research: Studies comparing different countries and institutional environments can determine
whether GenAl outcomes vary according to culture, regulation, education and digital infrastructure.

Conclusion
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GenAl stands for a major evolution in the interplay between technology and work. The importance of GenAl lies
not only in its potential to automate work but also in its direct involvement in knowledge-based activities. The
key idea of this study can be stated as follows: the use of GenAl in itself does not bring about organizational
value. Value results from the combination of technological skills and workers' GenAl literacy. Hence, the
proposed H-GAICC framework suggests a paradigm shift in academic research away from the question:

"Will GenAl replace humans?" towards the question:
"How can humans and GenAl be configured to complement each other?"

Based on the theoretical model, the relationships between GenAl capability and Al literacy on one hand and
productivity, learning and creativity on the other hand, are moderated by responsible Al governance, trust,
complexity and human oversight. The key theoretical contribution to literature in this regard lies in the
development of human—GenAl collaboration capability as a mediator through which technological assets can be
leveraged for business value creation. In terms of future empirical studies, the proposed framework can be tested
through structural equation modelling, multilevel analysis, longitudinal studies and field experiments. Therefore,
the future of work needs to be studied not as a competition between humans and artificial intelligence, but rather
as a design of human—technology synergies.
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